Hello Johannes,
First, let me thank you for your time. I really appreciate all the effort you put on the Dynare community. I honestly don’t know what would it be of it without you. 
I must add that I have read your writing “An introduction to Graphs in Dynare”, so if needed, I could provide more graphics. By looking at some results from the graphs, I believe that I may be stuck in some local maximum. I hope that by looking at the results I am sending here to you, you could shed some light in how to solve this issue and having some sensible results.
I have two questions about some results of the estimation. These questions are related to two different types of graphics from the output of DYNARE: the first question is about my results on the “Mode Check Plots”. The second question is related to the results of the graphics in the “Shock Decomposition”. Let me explain in detail each question.
[bookmark: TxtAppendix_A]The first questions arise when looking at the “Mode Check Plots” (shown in Appendix A). I notice that the mode (magenta) is not on the maximum of the likelihood of the posterior (blue) in some parameters (SE_eps_j, SE_eps_p, SE_EOBS_data_NC, SE_EOBS_data_QQ, EC, EC1, LAGWC, NU, RHO_AJ and THETAWC). Do you think that the estimates are too far from the maximum?
Besides, the likelihood-kernel (red) is not similar as the likelihood of the posterior (blue) for some other parameters (SE_eps_j, SE_eps_p, SE_EOBS_data_IH, SE_EOBS_data_NC, SE_EOBS_data_RR, EC, EC1, ETA1, LAGWC, LAGP, NU, RHO_AH, RHO_AJ, RHO_AK, TAYLOR_R, TETAWC).  Do you think that the difference between the two are very different in those cases? 
So basically, what I want to know is: are these results really indicating that I am too far from the global maximum? If that is the case, could you please tell me what can I do to obtain a global maximum? The more detailed the explanation, the more grateful I will be.
[bookmark: TxtAppendix_B]The second question is related to the results of the Historical Shock Decomposition (shown in Appendix B). I can see that the historical shock decomposition shows that all Consumption, Investment on Housing, Investment in Non-Housing, and the housing prices seem to have a strong trend (the black line show a downward trend in all of them). What puzzles me is that the model specifies explicitly a trend for these variables, but it seems that Dynare does not takes it into account when computing the Historical Shock Decomposition. So, I wonder, what can be causing this?
Besides, the Historical Shock Decomposition seems to be very symmetric (up vs down) on all the variables which, according to what some people tell me, can be because the results don’t make sense and Dynare is trying to offset some shocks with others. So my question is how could I have sensible historical shock decompositions?
So basically, my questions about the shock decomposition is what can I do to have sensible historical shocks decompositions? As before, I would very much appreciate if you can give me very detailed responses.
[bookmark: TxtAppendix_C]I am also showing you in the Appendix C the graphs with the data series I feed to Dyanre. The transformations of the data series are the same as the one proposed in the original paper. If you need anything else, please don’t hesitate in asking for it. 
Don’t hesitate in answering on top of the questions.
[bookmark: _GoBack]Thank you in advance.


Appendix A: Mode Check Plots
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Appendix B: Historical Shock decomposition of the Observed Variables.
Historical shock decomposition on Consumption:
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Historical shock decomposition on Inflation:
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Historical shock decomposition on Investment on Housing:
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Historical shock decomposition on Investment in Capital (non-housing):
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Historical shock decomposition on labour on non-housing sector.
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Historical shock decomposition on housing sector
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Historical shock decomposition on Housing Prices
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Historical shock decomposition on the Interest Rate
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Historical shock decomposition on Wages in the non-housing sector.
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Historical shock decomposition on Wages in the non-housing sector
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Appendix C: Dataset.
Consumption:
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Capital (non-housing) investment:
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Housing Investment:
[image: ]
Housing Prices:
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Inflation:
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Interest Rate:
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Labour in non-housing sectors:
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Labour in housing sector:
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Wage in non-housing sectors:
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Wage in housing sector:
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